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A review of the methods of ECG processing and classification

Ren Zehua

(Xi'an Jiaotong University, School of Telecommunications, Xi‘an 710049 )

Abstract: n the diagnosis of modern heart disease, ECG is often used to assist diagnosis and treatment. At
home and abroad, there are many researches on the processing and classification of ECG. This paper
summarizes the general characteristics of ECG and the general process of processing and recognition, and
reviews the main methods and development of ECG preprocessing and feature extraction. This paper focuses on
three kinds of ECG classification algorithms: statistical pattern recognition classification, neural network

classification and structural pattern recognition classification. The development status and future research

direction of several methods are introduced.
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